2026-03-17 - ChatGPT on the number of LLMs and best stack for 64Gb RAM
A good way of exploring this dialogue is to search for ‘My Question’
################################
My question: Roughly how many Large Language models are there and how big are they?
################################
There isn’t a single authoritative count of large language models (LLMs), because new ones are released constantly and many are private. But we can give a useful “order-of-magnitude” picture.
🧠 How many LLMs are there?
· Major, well-known LLM families: ~20–40
(e.g., GPT-4, Claude, Gemini, LLaMA, Mistral)
· Public/open-source variants and fine-tunes: hundreds to thousands
(especially on platforms like Hugging Face)
· Including internal/private models: likely thousands to tens of thousands
👉 Rough takeaway:
Hundreds of distinct base models, thousands+ including variants.

📏 How big are they?
LLMs are usually measured in parameters (roughly “weights” in the neural network).
Small models
· ~1 million to 1 billion parameters
· Examples: tiny edge or mobile models
· Can run locally on phones/laptops
Medium models
· ~1B to 20B parameters
· Examples: smaller versions of LLaMA or Mistral
· Can run on a single GPU
Large models
· ~50B to 200B parameters
· Examples: earlier frontier models like GPT-3 (~175B)
Frontier / cutting-edge models
· Estimated hundreds of billions to possibly trillions of parameters
· Examples:
· GPT-4 (exact size not public)
· Gemini
· Claude
👉 Important: Many modern systems use mixture-of-experts (MoE) architectures, meaning:
· Total parameters may be huge (e.g., 1T+)
· But only a fraction is used per query

💾 Physical size (storage)
Rough disk size depends on parameter count:
· 1B parameters → ~2–4 GB
· 10B → ~20–40 GB
· 100B → ~200–400 GB
· 1T → multiple terabytes
(assuming typical 16-bit precision; smaller with compression)

🧩 Key insight
· The number of models is exploding, but most are derivatives of a smaller set of base architectures.
· The trend isn’t just bigger models anymore—it’s:
· more efficient models
· specialized models
· multimodal systems (text + image + audio)

If you want, I can break down a timeline of how model sizes have grown or compare a few specific models side-by-side.
################################
My question: I have a collection of 2993 mementos which has an Index containing a Reference No and Description for each item as well as 14 other fields. I want to try out a RAG interrogation capability on this before moving onto a much larger collection (PAWDOC) with an index of 17,000 entries. I have an HP Omen laptop with 64Gb of RAM and 2Tb of storage. What desktop tools and models would you advise me to use?
#############################
You’re in a very good position hardware-wise—64 GB RAM is enough to run quite capable local RAG setups without needing cloud services. The key is to keep things simple, inspectable, and scalable so you can later move to your 17k-entry PAWDOC dataset.
Let me break this into a practical stack.

🧱 1. Overall architecture (what you’re building)
A RAG system has 3 parts:
1. Embedding model → turns your 2993 records into vectors
2. Vector database → stores and retrieves relevant entries
3. LLM → reads retrieved entries and answers questions

💻 2. Recommended desktop tools
🧰 Easiest “all-in-one” setups
These are ideal for getting started quickly:
· LM Studio
· Very beginner-friendly
· Lets you download and run models locally
· Has basic RAG support via plugins/tools
· Ollama
· Lightweight, scriptable, widely used
· Great if you’re comfortable with terminal / APIs
· Integrates with many RAG frameworks
👉 If you want flexibility + future scaling: use Ollama

🧩 RAG frameworks (important)
You’ll likely want one of these:
· LlamaIndex
⭐ Best fit for your use case
· Designed for structured datasets (like your index)
· Easy ingestion from CSV/Excel
· Good for metadata filtering (important for your 14 fields)
· LangChain
· More general, slightly heavier
· Better if you want complex pipelines later
👉 Recommendation:
Start with LlamaIndex + Ollama

🗄️ Vector databases (local)
· Chroma
· Very easy, file-based
· Perfect for 3k → 20k records
· FAISS
· Faster, more control
· Slightly more technical
👉 Recommendation:
Start with Chroma, move to FAISS later if needed

🤖 3. Models that will run well on your machine
With 64 GB RAM, you can comfortably run 7B–13B models, and even some 30B quantized ones.
🧠 LLMs (for answering)
Good balance of quality + local performance:
· Llama 3 (8B or 70B quantized)
· Mistral 7B
· Mixtral (very strong for RAG)
👉 Best picks:
· Start: Mistral 7B
· Upgrade: Mixtral (8x7B) if you want better reasoning

🔎 Embedding models (VERY important for RAG quality)
Don’t skip this—embeddings matter more than the LLM for retrieval.
Top local options:
· all-MiniLM-L6-v2
· Fast, lightweight
· Good baseline
· bge-large-en
· Much higher quality
· Still runs locally fine on your machine
👉 Recommendation:
· Start: MiniLM
· Then upgrade to: bge-large-en

📊 4. How your dataset fits
Your 2993 records are actually ideal for RAG:
· Small enough for fast iteration
· Large enough to expose real retrieval issues
· Structured fields = big advantage
Key design tip:
Instead of embedding just the description, embed something like:
Reference No: 1234
Description: Bronze medal from 1921 event
Category: Award
Location: London
...
👉 This dramatically improves retrieval quality.

⚙️ 5. Suggested setup (simple + powerful)
Stack:
· Ollama (LLM runtime)
· LlamaIndex (RAG orchestration)
· Chroma (vector store)
· bge-large-en (embeddings)
· Mistral 7B (LLM)

🚀 6. Performance expectations
With your laptop:
· 3k records → instant retrieval
· 17k records → still very fast
· Query time → ~1–5 seconds depending on model

🧪 7. Smart next step (important)
Before scaling to PAWDOC:
Test these:
· Can it answer:
· “Find all items related to X?”
· “What themes appear in the collection?”
· “Which items match [complex description]?”
· Try:
· metadata filtering (e.g., by category/year)
· fuzzy queries (imperfect wording)

⚠️ Common pitfalls (avoid these)
· Embedding only short descriptions → poor results
· Not chunking properly (less relevant for your structured data)
· Using a weak embedding model
· Overfocusing on the LLM instead of retrieval quality

🧭 Bottom line
For your setup:
👉 Best starting stack:
· Ollama
· LlamaIndex
· Chroma
· bge-large-en
· Mistral 7B
This will give you a serious, production-like RAG system locally—and it will scale smoothly to your 17,000-entry PAWDOC collection.

If you want, I can sketch a step-by-step setup (with code) tailored to your data format (CSV, Excel, etc.).
################################
My question: Please sketch a step by step setup
###############################
Great—let’s turn this into a clean, working local RAG prototype you can build in an afternoon and then extend to PAWDOC.
I’ll assume your data is in CSV or Excel, and you’re okay running a bit of Python.

🧭 Step 0 — What you’ll end up with
A system where you can ask:
“Show me medals from the 1920s in London”
…and it will:
1. Retrieve relevant records from your 2993 items
2. Feed them into an LLM
3. Generate a structured answer

⚙️ Step 1 — Install core tools
1. Install Ollama
· Download: https://ollama.com
· Then in terminal:
ollama pull mistral
(Optional upgrade later:)
ollama pull mixtral

2. Install Python dependencies
pip install llama-index chromadb pandas sentence-transformers ollama

📊 Step 2 — Prepare your data
Let’s assume your file is:
mementos.csv
With columns like:
· ReferenceNo
· Description
· 
· 14 other fields

🔑 Important: Combine fields into one text block
Create a script:
import pandas as pd

df = pd.read_csv("mementos.csv")

def row_to_text(row):
    return f"""
Reference No: {row['ReferenceNo']}
Description: {row['Description']}
Category: {row.get('Category', '')}
Date: {row.get('Date', '')}
Location: {row.get('Location', '')}
Notes: {row.get('Notes', '')}
"""

documents = [row_to_text(row) for _, row in df.iterrows()]
👉 This is critical for good retrieval.

🧠 Step 3 — Create embeddings + vector store
Using Chroma + LlamaIndex:
from llama_index.core import VectorStoreIndex, Document
from llama_index.embeddings.huggingface import HuggingFaceEmbedding

# Use a strong embedding model
embed_model = HuggingFaceEmbedding(model_name="BAAI/bge-large-en")

docs = [Document(text=d) for d in documents]

index = VectorStoreIndex.from_documents(
    docs,
    embed_model=embed_model
)

# Persist to disk
index.storage_context.persist(persist_dir="./storage")

🤖 Step 4 — Connect your LLM
Hook into Ollama:
from llama_index.llms.ollama import Ollama

llm = Ollama(model="mistral")

🔎 Step 5 — Build query engine
query_engine = index.as_query_engine(
    llm=llm,
    similarity_top_k=5  # number of retrieved records
)

💬 Step 6 — Ask questions
response = query_engine.query(
    "Find medals from the 1920s in London"
)

print(response)

🧪 Step 7 — Add metadata filtering (important upgrade)
Instead of only text, include metadata:
from llama_index.core import Document

docs = []
for _, row in df.iterrows():
    text = row_to_text(row)
    metadata = {
        "category": row.get("Category"),
        "year": row.get("Date"),
        "location": row.get("Location")
    }
    docs.append(Document(text=text, metadata=metadata))
Then you can later filter like:
· only “medals”
· only “London”

📦 Step 8 — Reload your index later
from llama_index.core import StorageContext, load_index_from_storage

storage_context = StorageContext.from_defaults(persist_dir="./storage")
index = load_index_from_storage(storage_context)

🚀 Step 9 — Improve answer quality
Tweak these:
Increase retrieved context
similarity_top_k=10
Force structured answers
response = query_engine.query(
    "List items with Reference No and Description only"
)

🧠 Step 10 — Upgrade path (for PAWDOC)
When you move to 17,000 entries:
Do this:
· Switch to FAISS if needed
· Use Mixtral instead of Mistral
· Add:
· filtering
· reranking (later step)

⚠️ Common issues (you will hit at least one)
❌ Bad results
→ Fix: improve text formatting (Step 2)
❌ Slow responses
→ Use smaller model (Mistral instead of Mixtral)
❌ Missing relevant items
→ Increase similarity_top_k

🧭 Optional (but powerful next step)
Add a “show sources” mode:
response = query_engine.query("...")
print(response.source_nodes)
This lets you verify:
👉 Did it retrieve the right records?

🧩 Final mental model
· Embeddings = search engine
· LLM = summariser
· Your data formatting = the real magic

If you want next, I can help you:
· turn this into a simple desktop app UI
· or design query prompts tailored to your mementos collection (this makes a huge difference)
################################
My question: I'd rather not run python
################################
That’s completely reasonable—and honestly, for your use case (structured records, exploratory querying), you can get very far without writing any Python at all.
Here’s a clean no-code / low-code RAG setup that will run locally on your laptop.

🧭 Best No-Python Setup (Local RAG)
🧱 Core stack (simple + powerful)
· LM Studio → runs the LLM
· AnythingLLM → handles documents + querying
· (Optional backend) Ollama → if you want flexibility later
👉 If you want the simplest path:
Use LM Studio + AnythingLLM

⚙️ Step-by-step (no coding)
✅ Step 1 — Install LM Studio
1. Download LM Studio
2. Open it → go to “Models”
3. Download a model:
👉 Start with:
· “Mistral 7B Instruct”
(You’ll see variants like GGUF — that’s fine)

✅ Step 2 — Run the model
· Go to “Chat”
· Load the model
· Click Start Server (important)
This exposes a local API that other tools can use.

✅ Step 3 — Install AnythingLLM
1. Download AnythingLLM desktop
2. Open it
3. Choose:
· Local LLM → LM Studio

📊 Step 4 — Load your data (your key step)
AnythingLLM lets you upload files directly.
Prepare your file:
Convert your data to:
👉 CSV or TXT (recommended: CSV)
But improve it slightly first:
Instead of raw columns, aim for:
Reference No: 1234
Description: Bronze medal from 1921 event
Category: Award
Location: London
---
Reference No: 1235
Description: Silver badge from 1930 exhibition
...
👉 You can do this in Excel:
· Concatenate fields into one column
· Export as TXT

📥 Step 5 — Create a workspace
In AnythingLLM:
1. Click New Workspace
2. Upload your file
3. Click “Embed”
Behind the scenes it:
· chunks your data
· creates embeddings
· stores them in a vector DB

💬 Step 6 — Start querying
Try questions like:
· “Find all medals from the 1920s”
· “What items relate to London events?”
· “Summarise the types of awards in the collection”

🧠 Model recommendations (important)
Inside LM Studio:
Start with:
· Mistral 7B Instruct → fast, reliable
Upgrade to:
· Mixtral (8x7B) → much better reasoning (your RAM can handle it)

🔍 Embeddings (don’t overthink this initially)
AnythingLLM handles embeddings automatically.
Later, if you want better accuracy:
· switch to bge-large (if exposed in settings)

🚀 What performance you’ll get
With your laptop:
· 3k records → instant retrieval
· Responses → ~1–3 seconds
· Very usable for real exploration

🧪 Before scaling to PAWDOC (important tests)
Try:
1. Specific retrieval
“Find Reference No for items about X”
2. Fuzzy queries
“Things related to early 20th century awards”
3. Aggregation-style
“What categories appear most often?”

⚠️ Common pitfalls (no-code users hit these)
❌ Poor results
Cause: raw spreadsheet uploaded directly
Fix: combine fields into readable text (Step 4)

❌ Hallucinated answers
Fix:
· Ask: “List sources”
· Or: “Only answer from provided records”

❌ Missing items
Fix:
· Increase “top K” / context size in settings

🧭 Optional upgrades (still no coding)
If you want more power later:
· Use Ollama instead of LM Studio
· Try Open WebUI
· Add filters (by year/category)

🧩 Bottom line
For your situation:
👉 Best no-code path:
· LM Studio (run model)
· AnythingLLM (RAG interface)
· Cleaned CSV/TXT (your data)
This will give you a fully local, private, usable RAG system—and it will scale nicely to your 17,000-entry PAWDOC collection.

If you want, I can show you exactly how to transform your Excel file (step-by-step) so retrieval quality is excellent—that’s the single biggest factor in success.
################################
My question: where is the LM Studio command to 'Start Server'
################################
LM Studio has changed its UI a bit over time, so the “Start Server” control isn’t always where older guides say it is. Here’s exactly where to look in current versions:

🔍 Where to find “Start Server” in LM Studio
✅ Method 1 (most common – “Local Server” tab)
1. Open LM Studio
2. Look at the left sidebar
3. Click “Local Server” (sometimes called “Server” or “API”)
👉 In that screen you’ll see:
· Model selection dropdown
· Port (usually 1234)
· A button:
➡️ “Start Server”

✅ Method 2 (from Chat screen)
If you don’t see a Server tab:
1. Go to “Chat”
2. Load your model (e.g. Mistral)
3. Look in the top-right corner
👉 You may see:
· “<>” icon
· or “OpenAI Compatible Server”
· or a small server toggle
Click that → then Start Server

✅ What success looks like
Once running, you should see something like:
Server running at http://localhost:1234

⚠️ If you don’t see it at all
You’re likely on a newer build where it’s slightly hidden.
Try this:
· Go to Settings
· Look for:
· “Developer”
· “API”
· “Enable Local Server”
Turn that ON → the Server tab will appear

🧪 Quick test (important)
Once started, open a browser and go to:
http://localhost:1234/v1/models
If you see JSON → ✅ it’s working

🧭 Tip for AnythingLLM connection
When configuring AnythingLLM:
· Provider: OpenAI-compatible
· Base URL:
http://localhost:1234/v1
· API key: (anything, e.g. lm-studio)

If you tell me what you see on your LM Studio sidebar, I can point to the exact button in your version—it does vary slightly between releases.
################################
My question: I now have LM Studio and AnythingLLM installed with LM Studio specified as the Local LLM in AnythingLLM. And I have embedded my index in AnythingLLM. Which product - LM Studio or AnythingLLM - should I ask my questions in?
################################
Short answer: ask your questions in AnythingLLM, not in LM Studio.

🧠 Why this matters
You’ve set up a RAG system. The roles are:
· LM Studio → runs the language model (the “brain”)
· AnythingLLM → does:
· search over your indexed data
· selects relevant records
· sends them to the model
· returns an answer grounded in your data
👉 If you ask questions in LM Studio directly:
· it does NOT know about your mementos
· it will just answer from general knowledge (and may hallucinate)
👉 If you ask in AnythingLLM:
· it retrieves your actual records
· answers are based on your collection

🧭 Mental model (useful going forward)
Think of it like:
· LM Studio = engine
· AnythingLLM = car dashboard + navigation system
You don’t drive the engine directly—you use the dashboard.

✅ What you should do now
Open AnythingLLM and:
1. Go to your workspace (where you embedded your index)
2. Use the chat interface there
3. Ask questions like:
· “Find items related to London in the 1920s”
· “List medals with their reference numbers”
· “Summarise themes in the collection”

🔍 Sanity check (important)
To confirm everything is working:
Ask in AnythingLLM:
“List the source records you used”
If it shows chunks from your data → ✅ RAG is working
If not → something’s misconfigured

⚠️ When would you use LM Studio directly?
Only for:
· testing the model itself
· general questions unrelated to your data
· comparing models (Mistral vs Mixtral)

🧩 One practical tip
If answers feel vague, try:
“Answer only using the provided documents and include reference numbers”
This forces better use of your indexed data.

If you want next, I can help you tune the prompts inside AnythingLLM so it reliably returns structured outputs (e.g., clean tables of Reference No + Description).
################################
My question I asked a question in AnythingLLM and got the following error message: "Could not respond to message. Error rendering prompt with jinja template: "Only user and assistant roles are supported!". This is usually an issue with the model's prompt template. If you are using a popular model, you can try to search the model under lmstudio-community, which will have fixed prompt templates". what should I do?
##############################
This is a very common LM Studio ↔ AnythingLLM integration issue, and fortunately it’s not about your data—it’s about the model’s prompt format.

🧠 What the error actually means
“Only user and assistant roles are supported”
Your model (running in LM Studio) is rejecting the prompt format that AnythingLLM is sending.
👉 Specifically:
· AnythingLLM uses roles like: system, user, assistant
· Your model only understands: user and assistant
So the prompt fails before it even generates an answer

✅ Fix options (ranked easiest → best)
🥇 Option 1 — Switch to a “fixed” model (fastest solution)
In LM Studio:
1. Go to Models
2. Search for:
· lmstudio-community
3. Download a version of your model from there
👉 Example:
· Instead of generic “Mistral 7B”
· Use something like:
· Mistral 7B Instruct (lmstudio-community)
These have:
· corrected chat templates
· proper role handling
· known compatibility with tools like AnythingLLM
✔️ This usually fixes it immediately

🥈 Option 2 — Change prompt template in LM Studio
In LM Studio:
1. Load your model
2. Go to:
· Settings / Model Settings
3. Find:
· “Prompt Template” or “Chat Template”
Change it to something like:
· ChatML
· or OpenAI-compatible
👉 You’re trying to ensure it supports:
· system
· user
· assistant

🥉 Option 3 — Change AnythingLLM settings
In AnythingLLM:
1. Go to Settings → LLM Preferences
2. Try:
· switching provider type (e.g. OpenAI-compatible)
· disabling “system prompt” (if option exists)

🧪 Recommended “known working” setup
To avoid headaches, use:
· LM Studio model:
· Mistral 7B Instruct (lmstudio-community)
· Server: running
· AnythingLLM:
· Provider: OpenAI-compatible
· URL: http://localhost:1234/v1

🔍 Quick test after fixing
Ask in AnythingLLM:
“What records mention London?”
If it responds → ✅ fixed
If same error → template still wrong

⚠️ Why this happens (so you can avoid it later)
Different models expect different formats:
· Some expect raw text
· Some expect special tokens
· Some expect structured chat roles
RAG tools assume a standard chat format, so mismatches cause this exact error.

🧭 My advice
Don’t fight templates too much.
👉 The cleanest path is:
· use a community-fixed model
· confirm it works
· then move on to improving your data/querying

If you tell me exactly which model file you downloaded, I can point to the precise compatible version (or give you a direct replacement).
################################
My question I downloaded mistralai/mistral-7b-instruct-v0.3. 
################################
Good choice—that’s a solid model. The issue isn’t the model itself, it’s how its chat template is defined in LM Studio.
The mistralai/mistral-7b-instruct-v0.3 version you downloaded often comes with a template that doesn’t fully support system roles, which is exactly what AnythingLLM is trying to use.

✅ Fastest fix (recommended)
🔁 Replace with a compatible build
In LM Studio:
1. Go to Models
2. Search:
mistral 7b instruct lmstudio-community
3. Download a version from lmstudio-community
👉 These are the same model weights but with:
· fixed chat templates
· proper support for system/user/assistant roles
· tested compatibility with RAG tools
✔️ This usually fixes the error immediately.

✅ Alternative fix (keep your current model)
If you want to keep mistralai/mistral-7b-instruct-v0.3, do this:
🔧 Adjust the prompt template
1. In LM Studio:
· Go to Chat
· Load your model
2. Open:
· Model Settings (slider icon or similar)
3. Find:
· Prompt Template / Chat Template
4. Change it to something like:
· ChatML
· or OpenAI-compatible

🧪 If there’s a “system prompt” toggle
Turn it off (temporary workaround):
· This forces AnythingLLM to only send:
· user + assistant messages
· Which your model can handle

🧪 Verify the fix
Back in AnythingLLM, try:
“List 3 items from the collection with their reference numbers”
If it works → ✅ you’re done
If you still see the error → template still incompatible

⚠️ Why this specific model causes issues
Mistral 7B Instruct uses a format like:
<s>[INST] user message [/INST]
It wasn’t originally designed for multi-role chat APIs, so tools that assume OpenAI-style roles can break unless the template is adapted.

🧭 My recommendation (practical)
Don’t spend too long tweaking templates.
👉 Do this:
· Install the lmstudio-community version
· Confirm it works
· Move on to testing your RAG quality
That way you stay focused on your actual goal: interrogating your collection, not debugging model formatting.

If you want, I can suggest 2–3 exact model names in LM Studio that are known to work perfectly with AnythingLLM, so you can just pick one and proceed.
################################
My question The model I have IS the LM Studio Community model. Please suggest some exact model names for me
################################
Got it—that helps. If you’re still seeing that error with the LM Studio community build, then the issue is almost certainly the specific chat template attached to that model version, not the weights themselves.
Let’s sidestep the problem with known-good models that consistently work with AnythingLLM + LM Studio.

✅ Proven working models (pick one of these)
Search these exact names inside LM Studio:

🥇 Most reliable (start here)
TheBloke/Mistral-7B-Instruct-v0.2-GGUF
· Variant: Q4_K_M or Q5_K_M
· Why:
· Rock-solid prompt template
· Very widely used in RAG setups
· Fast and stable

🥈 Slightly better reasoning
TheBloke/NeuralHermes-2.5-Mistral-7B-GGUF
· Variant: Q4_K_M
· Why:
· Tuned for instruction + chat
· Handles structured queries better (good for your dataset)

🥉 Best quality (heavier, but your RAM can handle it)
TheBloke/Mixtral-8x7B-Instruct-v0.1-GGUF
· Variant: Q4_K_M
· Why:
· Much stronger reasoning
· Excellent for RAG summarisation

⚠️ What to avoid (for now)
Even if labelled “community”:
· mistralai/Mistral-7B-Instruct-v0.3
👉 Often has template quirks (what you’re hitting)

🔧 Important LM Studio setting (do this once)
After loading your new model:
1. Go to Model Settings
2. Ensure:
· Chat template = auto (or default)
3. Start the server again

🧪 Quick validation test
In AnythingLLM, ask:
“List 5 items with their Reference No and Description only”
If it works → ✅ you’re fixed
If it fails → we adjust one setting (rare)

🧭 Why these work (in plain terms)
These models (especially TheBloke builds):
· use GGUF format
· include well-tested chat templates
· are widely used with:
· LM Studio
· Ollama
· RAG tools
👉 Less “theoretical purity”, more “just works”

👍 My practical recommendation
Start with:
👉 TheBloke/Mistral-7B-Instruct-v0.2-GGUF (Q4_K_M)
It’s:
· fast
· stable
· perfect for your 3k-record test

If that works (it should), next step I’d suggest is:
👉 tuning AnythingLLM so it returns clean structured outputs (tables of your mementos) rather than paragraphs—that’s where this becomes genuinely useful for your collection.
################################
My question I can find that model but it is Q4_K_S - is that OK
################################
Yes — Q4_K_S is absolutely fine 👍

🧠 What Q4_K_S means (in plain English)
For models like
TheBloke/Mistral-7B-Instruct-v0.2-GGUF:
· Q4 → 4-bit quantisation (smaller, faster)
· K → newer, better quantisation method
· S → “small” variant (slightly more compressed)

⚖️ Q4_K_S vs Q4_K_M
· Q4_K_S
· ✅ Uses less RAM
· ✅ Slightly faster
· ❌ Very slightly lower quality
· Q4_K_M
· ✅ Better accuracy
· ❌ Slightly heavier
👉 In practice for your use case (RAG over structured data):
You will barely notice the difference

✅ For your setup
With your laptop (64 GB RAM):
· Q4_K_S → perfectly usable
· Will run fast
· More than good enough for:
· retrieval-based answers
· listing items
· summarising your collection

🧪 What matters more than quantisation
For your project, these matter far more:
1. How you formatted your data
2. Embedding quality
3. Prompting (“include reference numbers”)
👉 Not the tiny difference between Q4_K_S and Q4_K_M

🚀 What to do now
1. Download Q4_K_S
2. Load it in LM Studio
3. Start the server
4. Go back to AnythingLLM
5. Ask your question again

🔍 If it works…
You should now:
· get responses (no template error)
· see answers grounded in your data

If you hit any odd behaviour next (e.g. vague answers, missing items), that’s actually the interesting part—we can then tune your setup to get really high-quality interrogation of your collection.
################################
My question I've installed Mistral-7B-Instruct-v0.2-GGUF (Q4_K_S) in LM Studio (and deleted the Mistral v0.3) but am still getting the same error from AnythingLLM "Could not respond to message. Error rendering prompt with jinja template: "Only user and assistant roles are supported!" What do I do now?
##############################
Good—this tells us the problem is not the model anymore, it’s how AnythingLLM is sending prompts to LM Studio.
That error means:
👉 AnythingLLM is still sending a system role, and LM Studio (via its current API mode) is rejecting it.

✅ Fix (this works in almost all cases)
🔧 In AnythingLLM — disable system prompts
1. Open AnythingLLM
2. Go to:
· Workspace Settings (or Settings → LLM)
3. Look for something like:
· “System Prompt”
· “Use system instructions”
· “Custom system prompt”
👉 Then:
· Clear the system prompt completely
(leave it blank)
OR toggle OFF anything like:
· “Use system message”

🔁 Then retry your query
This forces AnythingLLM to only send:
· user
· assistant
✔️ Which your model supports

🧪 If you can’t find that setting
Use this fallback:
🔧 Switch LLM provider mode
In AnythingLLM:
1. Go to Settings → LLM Preferences
2. Change provider to:
· Generic OpenAI
· or OpenAI-compatible
And set:
Base URL: http://localhost:1234/v1
API Key: anything

🧠 Why this is happening (important insight)
Even with a good model like
Mistral-7B-Instruct-v0.2-GGUF:
· LM Studio’s server sometimes runs in a simplified chat mode
· It expects only:
user → assistant
· But AnythingLLM sends:
system → user → assistant
👉 That mismatch = your exact error

🥇 Most reliable workaround (if above fails)
Use completion mode instead of chat
In AnythingLLM:
· Look for:
· “Use completion API”
· or “Disable chat format”
This avoids role-based prompts entirely.

🧪 Sanity test
After changes, ask:
“List 3 items with their Reference No”
If it responds → ✅ fixed

⚠️ If it STILL fails
Then we do a guaranteed fix:
👉 Switch backend from LM Studio → Ollama
Why:
· Ollama fully supports system/user/assistant roles
· Works out-of-the-box with AnythingLLM
· No template headaches

🧭 My honest recommendation
You’ve hit one of the most annoying friction points in local LLMs.
👉 Fastest path forward:
1. Try disabling system prompt (above)
2. If still broken → switch to Ollama + Mistral
That will just work, and you can focus on your collection instead of plumbing.

If you want, I can walk you through a 5-minute Ollama switch that keeps everything else exactly the same.
################################
My question I can't change the system prompt inAnythingLLM but I have found the Generic OpenAI provider. However, to select this I need to specify: the Base URL; The API Key; the Chat Model Name; the Model Context Window; and the Max Tokens. Please advise what I should put in.
#################################
Perfect—you’re very close now. This approach (Generic OpenAI mode) is exactly the right workaround.
Here are the correct values to use with LM Studio:

✅ AnythingLLM → Generic OpenAI settings
🔌 Base URL
http://localhost:1234/v1

🔑 API Key
lm-studio
👉 It can literally be anything—LM Studio doesn’t check it.

🤖 Chat Model Name
This must match the model as LM Studio exposes it.
Try:
mistral
If that doesn’t work, try:
local-model
👉 Tip:
Open this in your browser:
http://localhost:1234/v1/models
You’ll see something like:
{
  "data": [
    { "id": "mistral-7b-instruct" }
  ]
}
➡️ Use that exact "id" value

🧠 Model Context Window
For Mistral 7B:
8192
👉 Safe and correct

✂️ Max Tokens
Start with:
512
You can increase later (e.g. 1024), but:
· higher = slower
· unnecessary for most queries

🔁 After entering settings
1. Save settings
2. Go back to your workspace
3. Ask a simple query:
“List 3 items with their Reference No”

✅ What should happen now
· No more “jinja template” error
· You get an actual response
· It uses your indexed data

⚠️ If you still get errors
Check these quickly:
1. LM Studio server running?
You should see:
Running on http://localhost:1234

2. Model loaded in LM Studio?
It must be:
· loaded
· active
· not just downloaded

3. Model name mismatch?
This is the most common remaining issue.

🧭 Why this fix works
You’ve effectively told AnythingLLM:
👉 “Treat LM Studio like OpenAI”
That forces:
· a standard prompt format
· no incompatible templating
· clean role handling

🚀 Once this works…
You’re past the hardest part.
Next meaningful improvements will be:
· better query phrasing
· structured outputs (tables)
· refining your indexed data

If you hit anything odd after this (e.g. vague answers or missing items), that’s actually the interesting phase—we can tune it into a really powerful interrogation tool for your collection.
################################
My question the generic Open AI didn't work - please walk you through a 5-minute Ollama switch that keeps everything else exactly the same.
###############################
Good call—this is exactly the point where switching to Ollama saves a lot of frustration. It handles chat roles properly, so AnythingLLM “just works”.
Here’s a clean 5-minute switch—no Python, no rework of your data.

🚀 Step-by-step: Switch LM Studio → Ollama
✅ Step 1 — Install Ollama
1. Go to: https://ollama.com
2. Download + install
3. Open a terminal (Command Prompt)

✅ Step 2 — Pull a model
Run:
ollama pull mistral
👉 This gives you a solid, compatible model immediately.
(Alternative later: ollama pull mixtral for higher quality)

✅ Step 3 — Test Ollama (quick check)
In terminal:
ollama run mistral
Type:
Hello
If it replies → ✅ working
Exit with:
/exit

✅ Step 4 — Point AnythingLLM to Ollama
Open AnythingLLM:
1. Go to Settings → LLM Preferences
2. Set:
· Provider: Ollama
· Base URL:
http://localhost:11434
· Model:
mistral
Save.

✅ Step 5 — Go back to your workspace
You do NOT need to:
· re-upload documents
· re-embed anything
Your existing index stays exactly as it is 👍

✅ Step 6 — Test it
Ask:
“List 3 items with their Reference No”

🎯 What should happen now
· No template error
· You get a proper answer
· It uses your indexed data

🧠 Why this works (in plain English)
Ollama:
· fully supports system / user / assistant
· matches what AnythingLLM expects
· avoids all the prompt-template mismatch issues you hit with LM Studio

⚡ Performance on your machine
With 64 GB RAM:
· mistral → fast, smooth
· mixtral → slower but noticeably smarter

🧭 Optional upgrade (after it works)
Once you confirm it’s working:
ollama pull mixtral
Then switch model in AnythingLLM to:
mixtral
👉 Better for:
· summarising collections
· complex queries

🧩 Keep LM Studio?
Yes—you can still use LM Studio for:
· experimenting with models
· comparing outputs
But for RAG:
👉 Ollama is the stable backend

👍 Bottom line
This switch:
· keeps your data + embeddings intact
· removes the template error completely
· gives you a reliable local RAG setup

If you want next, I can help you tune your queries so you get clean, structured outputs (like tables of your mementos instead of paragraphs)—that’s where this becomes genuinely useful.
################################
My question: I'm using windows – what’s the Windows command prompt to pull mistral
################################
On Windows, it’s exactly the same command—just run it in Command Prompt or PowerShell.

✅ Pull Mistral in Ollama (Windows)
1. Open Command Prompt
· Press Windows key
· Type: cmd
· Press Enter

2. Run this command
ollama pull mistral

⏳ What you’ll see
· It will start downloading (a few GB)
· Progress bars will appear
· Then something like:
pulling manifest
pulling layers
success

✅ 3. Quick test (recommended)
After it finishes:
ollama run mistral
Then type:
Hello
If it replies → ✅ everything is working
Exit with:
/exit

⚠️ If the command isn’t recognised
If you get:
'ollama' is not recognized
Then:
1. Restart your computer (or at least reopen Command Prompt)
2. Try again
If still not working:
· Ollama may not be on your PATH → I can help fix that

🚀 After this
Go back to AnythingLLM and set:
· Provider: Ollama
· Base URL:
http://localhost:11434
· Model:
mistral

If you want, once you’ve got a response working, I can help you turn your queries into clean tabular outputs (Reference No + Description)—that’s the real payoff for your collection.
################################
My question: Ah OK - I just didn't understand what bash is
################################
Ah—that’s completely normal 👍
🧠 What “bash” means (and why you saw it)
When I wrote:
ollama pull mistral
· “bash” is just a label meaning:
👉 “this is a command you run in a terminal”
It’s commonly used on Linux/Mac, but the command itself is identical on Windows.

✅ For you (Windows)
You can run the same command in:
· Command Prompt (cmd)
· PowerShell
No changes needed.

💻 So your exact steps are:
1. Open Command Prompt
2. Type:
ollama pull mistral
3. Press Enter
That’s it 👍

🧭 Quick translation guide
	You see this
	It means

	bash
	generic terminal command

	cmd
	Windows Command Prompt

	PowerShell
	Windows terminal (more modern)


👉 In your case:
bash = just use Command Prompt

🚀 You’re on the right track
Once ollama pull mistral finishes, you’re basically past the hardest setup issues you hit earlier.
If anything looks unclear during the download (progress bars, sizes, etc.), just paste it here and I’ll walk you through it.
